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“Listing in Hong Kong” has become a new trend with many companies 
turning their attention to the city’s capital market, with a record high 
amount of funds raised. At the same time, regulators are imposing harsh 
punishments for sponsors’ misbehaviour. The Hong Kong Securities and 
Futures Commission (HKSFC) issued the “Thematic Review of Licensed 
Corporations Engaged in Sponsor Business” in March 2018 and 
emphasized their intention to strengthen supervision and enforcement in 
the future specifically targeting insufficiencies and lack of compliance in 
sponsors’ due diligence.

The HKSFC has put forward a series of requirements for the expected standards of the 
sponsor IPO process in the past year. The “Circular to licensed corporations on expected 
standards for sponsor work” (hereinafter referred to as “the circular”) issued in March 2018 in 
particular clarifies the future regulatory focus of the HKSFC on the work of sponsors, 
requiring that “Sponsors should develop robust, comprehensive and customised due 
diligence plans at the start of each engagement, instead of merely relying on a generic due 
diligence checklist“. At the same time, the HKSFC also stressed in the circular that “The SFC 
will not hesitate to take enforcement action against sponsors and their senior executives 
responsible for a failure to comply with the expected standards.”

2018.11
Chief Executive of the  
HKSFC mentioned that 
the financial industry 
should apply Emerging 
Technologies and 
RegTech tools to 
monitor misconduct 
and ensure good 
market performance.

2018.06
Fengyi Liang, Deputy 
Chief Executive of the 
HKSFC, said that all 
participants in the 
listing process are 
subject to regulatory 
responsibility;

2018.03
The HKSFC requires 
sponsors to perform 
adequate due 
diligence duties;

2018.10
Failure in meeting 
the sponsorship 
standards will cause 
participants to have 
a higher chance 
of facing an HKSFC 
inspection.

2018.05
The HKSFC stresses 
the necessity for due 
diligence to monitor 
reverse-merger 
companies;

2018.02
The HKSFC said they 
would focus on fraud 
and sponsor 
misconduct;

Sponsors should have a sound understanding of the business of a listing applicant based 
on reasonable due diligence;

They should obtain sales walkthrough documents to verify if the listing applicant’s business 
operations are accurately described in the listing application;

Sponsors should conduct reasonable due diligence on the listing applicant’s major retail or online 
customers. This is especially relevant where certain customers account for a materially larger 
portion of sales than others;

They should conduct reasonable due diligence on the volume of business at the listing 
applicant’s major retail stores. This is especially relevant where particular stores account for a  
materially larger portion of sales than other stores or industry peers.

Excerpted from the Circular of the HKSFC “Circular to licensed corporations on expected 
standards for sponsor work”
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In this increasingly stringent regulatory environment, traditional due diligence processes face 
challenges to sponsors given listing applicants’ large transaction volumes and complex 
business operations. How due diligence coverage can improve in breadth and depth 
effectively has become a conundrum that sponsors will be focusing on.

In the era of big data, PwC can provide IPO data due diligence services, with the risk 
oriented analytic approach specifically targeted at issuers’ risk scenarios with emerging 
technologies such as artificial intelligence algorithms, a variety of data analysis models, and 
other technologies to mine and analyse issuers’ operational data. We can assist the sponsor 
in meeting new regulatory requirements by conducting a deep dive into the issuer’s real 
business performance, identifying suspicious transactions and possible fraudulent activities 
of the company.

PwC’s IPO data due diligence service will tailor-make data analysis approaches specifically 
targeting different risks faced by different industries to assist sponsors in meeting expected 
due diligence standards.

Analyse rationality of advertising operational metrics 
(display volume, click volume, download volume, 
conversion rate)
Analyse rationality of advertising behavior
Matching analysis of advertising 
revenue and cost, and etc.

Distribution analysis on quantities, 
regions and types of upstream and 
downstream enterprises
Payment, delivery, and product 
feedback analysis
Supply chain, distributor, channel 
analysis, and etc.

Retail 
Industry

Transportation 
& 

Logistics

Medical 
Health

E-Commerce

Games
&

Multimedia

Advertising

Distribution analysis of top-up 
amount, payment methods, 
geographical distribution, etc.
Abnormal top-up behavior analysis, 
sampling user behavior analysis
Players 'game behavior analysis, 
and etc.

Distribution analysis of inventory 
products, 
quantities, regions, etc.
Abnormal logistics data analysis
Geographical distribution 
analysis of orders, and etc.

Buyer’s comments analysis
Abnormal order (such as click 
farming) analysis
Buyer’s flow and paid conversion rate analysis, 
and etc.

Analysis of production, supply and 
marketing links of medical products
Geographical distribution of medical 
service consumers
Consumer’s behavior analysis in 
medical health industry , and etc.

Industry
Analysis 

Dimensions

The steps of data due diligence 

Confirm analysis criteria 
through understanding 
of business and risks 
to assist sponsors in 
developing and 
implementing a more 
comprehensive data 
due diligence programme

Mobilize all available 
data sources (including 
external data) based on 
our understanding of 
industry and business 
risks and processes

Create a more direct and 
effective way to nderstand 
the company's real 
business conditions

Deep dive of operational 
data of the company 
through various data 
analysis models

Build analysis models 
based on data structure 
and target to analyse 
important risk scenarios 
via cluster analysis, 
support vector machine 
(SVM-NB) and natural 
language processing 
(NLP), etc;

Transform analysis 
results for visualization 
and better user 
experience, ultimately 
presenting data due 
diligence results through 
reports.

Taking into consideration 
data availability at the 
company and analysis 
criteria, trace all available 
data sources generated 
by business operations 
of the company and 
locate them in the 
database;

Guided by risks, issuer's 
business model, 
sponsor's considerations 
and other factors 
determine analysis criteria 
of data due diligence;

Data modelling and analysis Data visualization and reporting Identify the data sourceConfirm analysis criteria

1 2 3 4
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Different to traditional due diligence, we start from the company‘s operational data and 
industry risks, then conduct purposeful data due diligence procedures. This helps sponsors 
address the “pain points” in implementing traditional due diligence procedures.

“Pain Points” in due diligence Traditional Due Diligence Data Due Diligence

Diverse business locations and 
operational data formats

Sampling inspection of the 
issuer’s business; low coverage of 
issuer’s business

Cover all operational data of the 
issuer during the reporting period;

Online business’ operations don’t 
usually involve a lot of physical 
vouchers which increases the 
complexity to assess the 
authenticity of the business

Difficult to directly identify 
possible abnormal trading 
behaviours from surface 
transactional and financial data

Focus on operational data, 
understand the trend of  
business indicators through 
analysis model, concentrate on 
outlier data to help judge the 
validity of operational data.

Corporate Image and Reputation Difficult to have a comprehensive 
and in-depth understanding of the 
company’s recognition; 
Time-consuming, inefficient, and 
easy to miss important risks 
during due diligence

Use crawler technology to collect 
company-related news reports, 
then apply sentiment analysis; 
Focus on negative reports and 
conduct in-depth mining

Traditional Due Diligence Model Data Due Diligence Model

Experience

Judgement

Transaction

Traditional due diligence model usually 
starts from the financial data to 
understand the operational situation of the 
target company.

Data due diligence model uses 
operational and transactional data to 
extract intuitive and useful information 
through data analysis, machine learning 
and other technical methods to 
understand the operational situation of 
the target company.

Experience

Judgement

Transaction

Financial 
Data

Strategic, 
Market, Industrial 

Environment 

Operational/
Transactional Data

Financial 
Data

Strategic, 
Market, Industrial 

Environment 

Operational/
Transactional Data
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Retail or multi-level distribution models often involve a large number of sales or business 
units in companies and tend to be widely distributed. The authenticity of sales figures along 
with the possibility that distributors are related by interest are the most common concerns 
that regulatory authorities focus on. In light of this, the use of data analysis methods to 
conduct independence checks on distributors at all levels is critical. Combined with the 
distributor’s basic information, applying association analysis to mine frequently occurring 
data sets provides a notion of deep relationships among distributors. Clusters of data that 
exhibit abnormal behavior can be identified assisting sponsors to judge the likelihood of 
distributor independence.

Considering characteristics of the 
distribution business and 
distributor characteristics, 
including credit score, production 
cost, operating cost, profit 
income, geographical location, 
etc., to define association 
properties and obtain a collection 
of distributor information;

Using the collection of information 
to run iterative training with the 
Apriori algorithm to find the 
optimal frequent item-sets;

Based on the characteristics of the 
business and the association rules 
found in the frequent item-sets, 
distributor relationships and 
defined characteristics of abnormal 
distributors are identified.

Define association 
properties 01 Mining frequent 

item-sets 02 Application of 
association rules 03

Credit 
score

cost income

0123->

123->0

23->01 13->02

3->012

023->1 013->2

03->12

1->0232->013 0->123

012->3

02->13 01->2312->03

Case 1: Distributor’s Association Analysis in the Re-distribution Business

Distribution map of dealers
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Common methods of revenue recognition in the advertising industry (such as CPM, CPC, 
CPS, etc.) are inseparable from their advertising behaviour data. In the ever-expanding digital 
marketing industry, the emergence of invalid traffic flows has caused a “trust crisis”, and has 
also become a focus of regulatory work. Group characteristics of different advertisers and 
advertising audiences can be comprehended through cluster analysis methods based on 
traffic data, behaviour data and conversion data, as well as time series analysis and  
other methods. 

Cluster analysis of ad serving Time series analysis

Combine basic advertising data (such as 
display, click, visit, order frequency, etc.) 
to understand basic metrics;

Use unsupervised machine learning 
methods-cluster analysis (e.g. K-means, 
density-based DBSCAN algorithm, etc.) 
to cluster all ad distribution behaviours 
to extract advertiser and audience group 
characteristics, then use the support 
vector machine method to classify 
advertisements and help sponsors model 
and sketch an image of the advertisement 
product;

Applied time series analysis 
with simulated advertising 
behavior to compare with 
the actual data to help identify 
abnormal advertising and 
understand the authenticity of 
data on user’s behaviour.

Case 2: Authenticity Judgment of Digital Advertising Behaviour
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“Click farming” behaviour usually refers to e-commerce operators that engage in fake 
transactions by simulating sales to increase sales figures or promote their website’s 
reputation. The covert nature of “click farming” makes it hard to spot among massive 
volumes of transaction data. Characteristic values are obtained by digging into relevant 
aspects of the commodity, and using support vector machine technology to classify orders, 
then calculating the probability of “click farming“ behaviour using the Naive Bayes method to 
help the sponsor effectively identify suspected “click farming”.

Sales analysis of each period

Obtain raw data Data characterisation
Naive Bayesian 
probability calculation

Support vector 
machine model training

Collecting information 
about industry goods as 
raw data through crawler 
technology, etc. including 
whether items are subject 
to “click-farming”;

Vector characteristics 
value obtained from the 
number of visitors, favourites, 
clicks, orders, transaction 
amount, payment time and 
receipt time, duration of stay, 
and the IP a ddress;

Plugging results of the 
classifier into the Naive 
Bayes formula in order to 
obtain the probability of 
“click farming” behaviour.

A classifier is built based on 
the support vector machine 
technology (SVM-NB 
algorithm) with supervised 
learning, training and 
classification of the 
transaction data;

Case 3 : Analysis of “Click Farming” Behaviours in E-Commerce Industry

Refunds amount analysis by province

Time interval analysis of refund orders

 Sales analysis during marketing campaigns
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Contact us
Our team has extensive IPO data due diligence practice experience across all industries, we provide professional data 
and analytics digital trust services to the sponsors.

About us 
PwC China’s data and analytics team helps companies discover the value of data and help companies build trust in data. 
We use a variety of mature data analysis models, artificial intelligence algorithms and other technologies to conduct 
in-depth mining and analysis of enterprise operational data, help companies to deal with their “pain points”, meet 
different data analysis and insight needs of enterprises in various industries, and embed data and analysis into the 
business , make companies to face new challenges effectively.
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